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Abstract. Administrative registries of road-traffic deaths support territorial comparison only when their denominators,
periods and missing values are audited. This study reanalysed the 16,526 records of victims registered by Ecuador's
Public Service for Traffic Accident Payments (SPPAT) for fatal protection coverage (24 provinces; 208 territorial la-
bels, many of them cantonal capitals rather than canton names). Every figure of the original analysis was reproduced:
1,767 records in Quito and 1,398 in Guayaquil; 163 DESCONOCIDO and 88 empty crash-type values (1.52 %); and,
with the authors' denominators, annualised rates of 56.45 per 100,000 in Machachi (Mejia), 49.39 in Naranjal and
47.21 in Yaguachi against 10.79 in Quito and 8.71 in Guayaquil. The denominator audit found that the period used
(5.89 years) does not correspond to the registry's creation window (5.64 years) or its crash-date window (5.85 years),
that 163 events pre-date 2016, that several denominators are rounded approximations, and that the reported ranking
was computed over seventeen selected cantons. Recomputing the rates as person-years from the contemporaneous
INEC cantonal projections for 2010-2020, which matched every one of the 16,363 events in the period, Machachi
reaches 54.9 per 100,000 per year (95 % Poisson 49.2-61.1) and ranks 6th of 207, behind Amazon and highland can-
tons such as Loreto, Patate and Colta that the original selection did not consider. Pre-specified rate ratios of the three
corridor cantons to Quito and Guayaquil ranged from 4.5 to 6.2 and were robust to the denominator scenario. A doc-
umentary check against the published route of the two trunk roads confirms the corridor reading for Machachi, Lat-
acunga, Naranjal and Quevedo and does not confirm it for Yaguachi, Babahoyo or Guano. Typology indeterminacy
was analysed as proposition-based evidence coordinates: for each canton and crash type K, T, {.;: and F,;. are the
shares of records that assert k, are indeterminate (sentinel or empty), or assert another type; normalisation to one is a
design choice here, and no independence is claimed. Indeterminacy propagates into identification bounds on typology
rates that are narrow (30.2-31.8 % for run-overs nationally) and are reported separately from the Poisson sampling
layer. The chi-square evidence for territorial clustering of indeterminacy survives a permutation test but with 56 % of
expected cells below five and a Cramér's V of 0.17 (0.07 after grouping); the corridor membership of the high-rate
cantons is asserted, not verified geospatially. Rates are SPPAT-recorded fatality rates, not mortality or risk.
Keywords: road-traffic fatalities; administrative registry; denominator audit; Poisson confidence intervals; partial identifica-
tion; typology indeterminacy; neutrosophic evidence coordinates; SPPAT; Ecuador
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Resumen. Los registros administrativos de muertes por accidentes de transito solo permiten la comparacion
territorial cuando se auditan sus denominadores, periodos y valores faltantes. Este estudio reanalizd los 16,526
registros de victimas registrados por el Servicio Publico de Pagos por Accidentes de Transito (SPPAT) de Ecua-
dor para la cobertura de proteccién por muerte (24 provincias; 208 etiquetas territoriales, muchas de ellas capita-
les cantonales en lugar de nombres de cantones). Se reprodujo cada cifra del analisis original: 1,767 registros en
Quito y 1,398 en Guayaquil; 163 DESCONOCIDO y 88 valores de choque vacio (1.52 %); y, con los denomina-
dores de los autores, tasas anualizadas de 56.45 por 100,000 en Machachi (Mejia), 49.39 en Naranjal y 47.21 en
Yaguachi frente a 10.79 en Quito y 8.71 en Guayaquil. La auditoria del denominador revel6 que el periodo utili-
zado (5,89 afios) no se corresponde con la ventana de creacion del registro (5,64 afios) ni con su ventana de fecha
de colapso (5,85 afios), que 163 eventos son anteriores a 2016, que varios denominadores son aproximaciones
redondeadas y que la clasificacion reportada se calculé sobre diecisiete cantones seleccionados. Al recalcular las
tasas como persona-afios a partir de las proyecciones cantonales contemporaneas del INEC para 2010-2020, que
coincidieron con cada uno de los 16.363 eventos del periodo, Machachi alcanza 54,9 por 100.000 por afio (95 %
Poisson 49,2-61,1) y se ubica en el sexto lugar de 207, detrés de los cantones amazdnicos y de tierras altas como
Loreto, Patate y Colta, que la seleccién original no considero. Las razones de tasas preespecificadas de los tres
cantones del corredor hacia Quito y Guayaquil variaron de 4.5 a 6.2 y fueron robustas al escenario del denomi-
nador. Una verificacion documental contra la ruta publicada de las dos carreteras principales confirma la lectura
del corredor para Machachi, Latacunga, Naranjal y Quevedo y no la confirma para Yaguachi, Babahoyo o Guano.
La indeterminacion de la tipologia se analizé como coordenadas de evidencia basadas en proposiciones: para ca-
da cantdn y tipo de choque k, T_ck, |_cky F_ck son las proporciones de registros que afirman k, son indetermi-
nados (centinela o vacio) o afirman otro tipo; la normalizacion a uno es una eleccion de disefio aqui, y no se
afirma independencia. La indeterminacion se propaga en limites de identificacion en tasas de tipologia que son
estrechos (30.2-31.8 % para atropellos a nivel nacional) y se informan por separado de la capa de muestreo de
Poisson. La evidencia de chi-cuadrado para la agrupacién territorial de la indeterminacién sobrevive a una prue-
ba de permutacién, pero con un 56 % de celdas esperadas por debajo de cinco y un V de Cramér de 0,17 (0,07
después de la agrupacion); se afirma la pertenencia al corredor de los cantones con altas tasas, pero no se verifica
geoespacialmente. Las tasas corresponden a las tasas de fatalidad registradas por el SPPAT, no a la mortalidad ni
al riesgo.

Palabras clave: fatalidades por accidentes de transito; registro administrativo; auditoria del denominador;
intervalos de confianza de Poisson; identificacion parcial; indeterminacion tipoldgica; coordenadas de evidencia
neutroséfica; SPPAT; Ecuador

1 Introduction

Road-traffic fatalities are a leading external cause of death worldwide and in the Americas [1, 2], and in Ec-
uador they weigh on every source that records them: the police on-site statistics of the National Transit Agency
[4], the vital statistics of INEC [3] and the administrative registry of the Public Service for Traffic Accident
Payments (SPPAT), which records victims whose beneficiaries claimed the state's fatal protection coverage.
Population-based studies of Ecuadorian road mortality exist for specific road users [5] and for attitudes [6], and
the highway-safety literature has long distinguished the crash patterns of interurban corridors from those of ur-
ban networks [7, 8]. The SPPAT registry has not been characterised with the same care, and any use of it for ter-
ritorial comparison depends on three things that are easy to get wrong: the denominator, the period, and the
treatment of records whose crash type is unknown.

Administrative registries under-report and misclassify [9, 10], and their missing values are of different kinds:
a field can be physically empty, it can hold a sentinel such as DESCONOCIDO that the schema uses for "not
known", and the two may be produced by different processes [11, 12, 13]. A first version of this study treated the
two kinds together as an indeterminacy share and attached the neutrosophic vocabulary of truth, indeterminacy
and falsity to each field, withT + I + F = 1 and F = 0 by construction [17]. That representation is a com-
pleteness ratio with three names rather than three coordinates: F was never observed and I was 1 — T. Neutro-
sophic Paraconsistent Logic reads favourable evidence, contrary evidence and indeterminacy as separately
grounded coordinates [18], the components of a neutrosophic triple need not sum to one [19], and four-valued
reasoning distinguishes "told true", "told false", "both" and "neither" [20]; the present version applies that read-
ing to a proposition that can actually be true, indeterminate or false for a record, namely the crash-type assertion,
and keeps the sampling uncertainty of rates as a separate layer.

Four research questions are addressed. RQ1: Do the reported counts, shares and rates reproduce from the
open file, and are the period and the denominators used for annualised rates valid? RQ2: How do canton rank-
ings and rate ratios change when the period, the denominator source and the set of cantons ranked are corrected,
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and how precise are the resulting SPPAT-recorded fatality rates? RQ3: How is typology indeterminacy distribut-
ed across cantons and years, and does the evidence for its territorial clustering survive an audit of the chi-square
assumptions? RQ4, the methodological question for this journal: can typology indeterminacy be represented as
proposition-based evidence coordinates and propagated into identification bounds on typology-specific rates,
separately from sampling uncertainty, and what does that add over complete-case analysis and over the earlier
normalised triple?

Four contributions follow: a full reproduction of the original analysis with a documented denominator and
period audit; a corrected, complete canton ranking with exact Poisson intervals, pre-specified rate ratios and a
sensitivity denominator; a chi-square assumption audit with a permutation check; and a proposition-based evi-
dence-coordinate representation of typology indeterminacy with identification bounds, compared with complete-
case, category and exclusion treatments. No causal mechanism, no crime or risk estimate and no allocation rec-
ommendation is claimed.

2 Materials and Methods
2.1 Data source and provenance

The dataset is the open file Victimas fallecidas por accidentes de transito registradas por el SPPAT (identifier
DD-SPPAT-FA-01-2021-V01; metadata MD-SPPAT-FA-01-2021-VV01; licence CC-BY-4.0; created 22 No-
vember 2021; annual update frequency; anonymised) [22]. It contains 16,526 rows and 10 fields: sequence num-
ber, victim gender, marital status, road-user condition, date of death, crash type, crash date, canton, province and
date of creation of the protection file. The dictionary defines the crash-type field as "detail of the traffic accident”
and the canton field as the canton where the accident occurred; the file's canton labels are in many cases the can-
tonal capital (Machachi for Mejia, Calceta for Bolivar, Puyo for Pastaza, Macas for Morona), which was recon-
ciled to the INEC canton nomenclature through a documented alias table. The registry covers claims filed and
processed by the SPPAT; it is not a census of road deaths, and every rate below is a SPPAT -recorded fatality rate,
not a mortality or a risk rate.

2.2 Completeness and kinds of missing information

Every field was checked for empty values and for sentinel strings. Two kinds of non-information were kept
apart: physical nulls (empty cells) and semantic sentinels (DESCONOCIDO), because they may arise from dif-
ferent recording processes [11, 13]. Dates were parsed and their ranges reported for the crash date, the death date
and the file-creation date separately.

2.3 Period and denominators
The original analysis annualised canton counts with a single period At and a single population per canton:

M

R. =
¢ P AL

= 100 000 (1)
The valid exposure for a multi-year count is the sum of person-years, with F.,. the population of canton c in
year y and &, the fraction of year y covered by the registry:

PY, = I, Rye,. R, = = x 100000 )

Four scenarios are compared. A is the authors' scenario (all events, At = 5.89 years, the seventeen popula-
tions listed in their table). B keeps their populations but restricts the numerator to crash dates in 2016-2021 and
sets At to the file-creation window (5.64 years). C ranks every canton on one common denominator, the 2026
cantonal projections of INEC's Revision 2024 [27], with At equal to the crash-date window
({per['dt_crash_window"]:.2f} years); it uses a population five years after the period and is a sensitivity analysis.
D applies Eq. (2) itself: person-years are accumulated from the contemporaneous INEC cantonal projections for
2010-2020 [27], with e, = 1 for 2016-2020, the 2021 population obtained by linear extrapolation of the 2019—
2020 increment and e,4., = {€2021:.3f} for the part of 2021 covered by the crash-date window. D is the correct-
ed estimate and the one used for the complete ranking; A is kept because it reproduces the original numbers, and
B and C isolate the effect of the period and of the denominator source. Cantonal labels of the source were
mapped to INEC canton names through a published alias table (the source records the cantonal capital in many
cases), and every one of the {n_ev_D:,} events in the period received a denominator.

2.4 Count uncertainty and rate ratios
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Exact 95 % Poisson intervals for each rate were obtained from chi-square quantiles of the count [23, 24]:

Cl-a/2n.+ 2

A

zp At 2P At

[ ieiing
The interval quantifies sampling variability of the count under a Poisson model; it does not quantify under-
registration, denominator error or identification uncertainty of the crash type. For the comparisons stated in the

original analysis (Machachi, Naranjal and Yaguachi against Quito and Guayaquil), rate ratios with log-normal
95 % intervals were computed under scenarios A, C and D:

1 x 100 000 3)

RR = 2= axp(inRR + 196 |&= + =) 4
T Ry’ P = T ang ny 4)

Rankings of small areas are unstable [25]; the relative width of each interval is reported and shrinkage esti-
mators [26] are left for a future version with yearly denominators.

2.5 Typology indeterminacy as proposition-based evidence coordinates

For canton c and crash type k € {collision, run-over, rollover, fall} the proposition is A : “the record's crash
type is k. Each record provides evidence for exactly one of three states: it asserts k, it is indeterminate (sentinel
or empty), or it asserts another known type, which is contrary evidence for A,;. The canton coordinates are the
corresponding shares:

Me Mg — Mg — Mg

T = % I =" Fp=———= (5

T + 1.+ F. = 1 by construction, because the three states partition the records of a canton for a given
proposition. This normalisation is a design choice made explicit; it does not make T, | and F independent coordi-
nates, and no claim of independence is made. The representation differs from the first version in two respects: F
is now observed (records that assert a different type), and | is attached to a proposition that a record can make
true or false, not to a field's completeness. Indeterminacy propagates into typology-specific rates as identification
bounds [14, 15]: the lower bound assigns no indeterminate record to k and the upper bound assigns all of them to
K,

e + Mg

RL = —% % 100000 = R, = RV — x 100 000 (6)

k= 7t ¢k = pa

so that the width of the identification interval is exactly the indeterminacy rate n. ;/(F. At) and the bounds

are lower and upper probabilities in the sense of a multivalued mapping [16]. Two uncertainty layers are report-

ed separately: the identification interval [R*, RY] (semantic layer) and the exact Poisson intervals of each bound

(sampling layer); they are not combined, because no validated rule for their combination is available for these

data. Three conventional treatments of indeterminate records are compared with the bounds: complete-case anal-
ysis, an explicit indeterminate category, and exclusion from the canton denominator.

2.6 Chi-square assumption audit

The original test of canton x indeterminacy independence was reproduced and audited: the number and share
of expected cells below five, Cramér's V, a Monte-Carlo permutation p-value (1,000 permutations of the inde-
terminacy indicator across records), a grouped test pooling cantons with fewer than 100 records, and the year x
indeterminacy test. Associations are read as recording-composition differences, not as institutional mechanisms.

2.7 Corridor classification

The original analysis attributed the highest rates to interurban corridors E35 and E25. Corridor membership
of each named canton was recorded as asserted by the authors and marked as plausible from public knowledge of
the national road network or unsupported; no geospatial verification was performed in this study, and the corri-
dor reading is presented as a hypothesis (Table 6).

2.8 Dashboard and reproducibility

The three-module interactive dashboard of the original version (https://sppat-los-balas.ai.studio/) is retained
as an application; its screenshots are moved to Appendix A. All quantities in this paper are produced by one
script (analysis/01_reproduce_and_audit.py; Python, pandas, SciPy) from the open CSV and are distributed with
the manuscript (RATE_RESULTS.csv, RATE_RATIOS.csv, CANTON_INDETERMINACY .csv, TYPOLO-
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GY_EVIDENCE_COORDINATES.csv, TYPOLOGY_RATE_BOUNDS.csv, CORRI-
DOR_CLASSIFICATION.csv, CHI_SQUARE_ASSUMPTION_AUDIT json).

3 Results
3.1 Composition and completeness

All 16,526 records had valid dates in the three date fields and complete gender, marital status, condition, can-
ton and province. Crash dates ran from 2014-07-19 to 2021-11-07 and file-creation dates from 2016-04-01 to
2021-11-21; 163 events (0.99 %) pre-date 2016 (7 in 2014, 156 in 2015), not 154 as stated in the first version,
whose own Table 2 already gave 163. Male victims were 13,542 (81.94 %), single 11,077 (67.03 %) and married
4,166 (25.21 %); vehicle occupants 11,438 (69.21 %), pedestrians 4,714 (28.52 %) and cyclists (condition Bl-
CICLETA) 374 (2.26 %). The crash-type field held 163 DESCONOCIDO sentinels and 88 empty cells, 251 in-
determinate records (1.52 %); Table 1 cross-tabulates typology and condition with the two kinds of indetermina-
cy kept apart.

Table 1: Crash typology by road-user condition, SPPAT records 2016-2021 (N = 16,526), with sentinel and empty indeterminacy separated.

Crash typology Occupant Pedestrian Cyclist Total Share
(%)
Choque (collision) 8,328 86 113 8,527 51.60
Atropello (run-over) 241 4,515 242 4,998 30.24
Volcamiento (rollover) 2,324 15 2 2,341 14.17
Caida (fall from vehicle) 378 22 9 409 2.47
Indeterminate: sentinel 101 56 6 163 0.99
DESCONOCIDO
Indeterminate: empty cell 66 20 2 88 0.53
Total 11,438 4,714 374 16,526 100.00

3.2 Period and denominator audit

Every rate of the original Table 3 was reproduced exactly with the authors' populations and 4t = 5.89 years
(scenario A, Table 2). The audit found four problems. The period 5.89 corresponds to no window in the file: file
creation spans 5.64 years and the crash dates of 2016—2021 events span 5.85 years. The counts included the 163
pre-2016 events, which belong to no year of the denominator. Several populations in the authors' table are
rounded values (27,000; 42,000; 48,000; 65,000; 82,500) rather than published projections, while the large can-
tons carry projection-like figures. And the ranking was computed within seventeen selected cantons, so "rank 1"
meant first among those seventeen. Scenario B (2016—-2021 events over the creation window) raises every rate
by about 4 %, because the shorter window outweighs the removed events; scenario C, with a common 2026 de-
nominator for all cantons, lowers the rates of fast-growing cantons (Daule 31.3 — 21.7; Latacunga 37.2 — 32.7)
and leaves the others within their Poisson intervals; the Spearman correlation between scenarios A and C over
the seventeen cantons was 0.995. Scenario D, the person-year calculation of Eq. (2), matched all 207 province—
canton pairs and all 16,363 events of the period; it places Machachi at 54.94 against the 56.45 of the original,
Naranjal at 51.24 against 49.39, Quito at 11.03 against 10.79 and Guayaquil at 8.88 against 8.71 (Table 2, Figure
1). The corrected rates are within a few per cent of the originals for most cantons, because two errors of opposite
sign (a period that was too long and a denominator that was too small) partly cancel; the ordering, not the level,
is what the audit changes. Scenario D and scenario C rank cantons almost identically (Spearman 0.974), which is
the sense in which the sensitivity scenario was informative.

The mapping to INEC cantons also exposed two territorial-label discrepancies in the source that no com-
pleteness check would show: Santiago de Méndez, the capital of the canton Santiago in Morona Santiago, is filed
under the province of Azuay (28 records); La Concordia is filed under Santo Domingo de los Tséachilas, whereas
the 2010-2020 projections still carry it under Esmeraldas (57 records). Both were resolved by matching the can-
ton name across provinces, and both are reported so that the data owner can correct them.

Table 2: Reproduction and correction of the seventeen cantons reported in the original analysis. A: all events, 4t =5.89 y, authors' popula-
tions; B: 2016-2021 events, At = 5.64 y, same populations; C: 2016-2021 events, At = 5.85y, 2026 INEC projections; D: person-years from
the INEC 2010-2020 cantonal projections (Eq. 2). Rates per 100,000 inhabitants per year.

Label (canton) Recor 2016— Authors’ A: rate (95 % B: C: D: person- D: rate (95 % Rank D
ds 2021 populatio Poisson) rate rate years Poisson) (all
events n cantons

)
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Machachi 337 335 101,360 56.45 (50.58— 58.60 | 5226 | 609,795 54.94 (49.21- 6
62.81) 61.15)

Naranjal 273 273 93,846 49.39 (43.70— 5158 | 4962 | 532,802 51.24 (45.34- 7
55.61) 57.69)

Yaguachi 218 218 78,393 47.21 (4115~ 4931 | 4675 | 443270 49.18 (42.87— 9
53.91) 56.16)

Balao 75 75 27,000 47.16 (37.10- 4925 | 4501 | 149328 50.22 (39.51- 8
59.12) 62.96)

Puebloviejo 109 108 42,000 44.06 (36.18— 4559 | 39.85 | 255299 42.30 (34.70- 15
53.15) 51.07)

Guano 114 114 48,000 40.32 (33.26- 4211 | 3928 | 280,010 40.71 (33.58— 18
48.44) 48.91)

El Guabo 151 148 65,000 39.44 (33.40- 4037 | 3934 | 361,452 40.95 (34.61- 16
46.26) 48.10)

Buena Fe 185 184 82,500 38.07 (32.78- 3954 | 37.00 | 471,713 39.01 (33.57— 20
43.97) 45.07)

Latacunga 451 447 205,624 37.24 (33.88— 3854 | 3266 | 1,177,267 37.97 (34.53— 22
40.84) 41.66)

Babahoyo 355 354 175,281 34.39 (30.90— 3581 | 3092 | 1,012,288 34.97 (31.42- 24
38.16) 38.81)

Daule 320 320 173,684 31.28 (27.95- 3267 | 2173 | 966,501 33.11 (29.58- 29
34.90) 36.94)

Quevedo 297 293 213,842 23.58 (20.97— 2429 | 2177 | 1,219,724 24.02 (21.35- 58
26.42) 26.94)

Santo Domingo 575 569 458,580 21.29 (19.58- 2200 | 2045 | 2,609,997 21.80 (20.05- 67
23.10) 23.67)

Ambato 408 404 387,309 17.88 (16.19- 1849 | 17.93 | 2,225,076 18.16 (16.43— 87
19.71) 20.02)

Quito 1,767 | 1,749 | 2,781,641 10.79 (10.29— 11.15 | 1040 | 15851176 11.03 (10.52— 135
11.30) 11.56)

Cuenca 365 359 636,996 | 9.73(8.76-10.78) | 9.99 | 976 | 3623115 | 9.91(8.91-10.99) 140

Guayaquil 1,398 | 1,394 | 2,723,665 | 8.71(8.26-9.18) | 9.07 | 7.92 | 15690765 | 8.88 (8.42-9.36) 148

Note: rank D is among the 207 cantons of scenario D, which covers every event of the period.
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Annualised SPPAT-recorded fatality rates, seventeen cantons reported by the authors

; ————
Machachi (n = 337) o 4
Naranjal (n = 273) i
—_—————————
Yaguachi (n = 218) 4 o

Balao (n = 75)

Puebloviejo (n = 109) -

Guano (n = 114) 4 T

El Guabo (n = 151) O

Buena Fe (n = 185) 4 o
Latacunga (n = 451) A m
Babahoyo (n = 355) 4 $
Daule (n = 320) _
Quevedo (n = 297) A r— —
Santo Domingo (n = 575) A . =l
Ambata (n = 408) e
Quito (n = 1,767) - bt
Cuenca (n = 365) - 'f_’nj
Guayaquil (n = 1,398) - g WM authors' denominators, all events, At = 5.89 y (reproduced)
HH person-years, INEC 2010-2020 projections, 2016-2021 events (corrected)
lb ZID 36 4I0 SIO GIO

SPPAT-recorded fatalities per 100,000 inhabitants per year (exact 95 % Poisson interval)

Figure 1: SPPAT-recorded fatality rates per 100,000 inhabitants per year for the seventeen cantons of the original analysis,
with exact 95 % Poisson intervals: reproduction of the published figures (scenario A, circles) and the corrected person-year
calculation on contemporaneous INEC projections (scenario D, squares).

3.3 Complete ranking and rate ratios

Over all 207 cantons of the person-year scenario (Table 3), the highest rates were Loreto (79.8; 65.8-96.0;
113 events); Olmedo (70.5; 41.8-111.4; 18 events); Patate (69.3; 53.2-88.6; 63 events); Pallatanga (61.3; 44.6—
82.3; 44 events); Las Naves (56.5; 36.2-84.0; 24 events). Machachi (Mejia) ranked 6th (54.9; 49.2-61.1), Naran-
jal 7th and Yaguachi 9th; Quito ranked 135th (11.0) and Guayaquil 148th (8.9). The cantons above Machachi
have between 18 and 113 events; their Poisson intervals overlap Machachi's, so the ordering at the top is not re-
solved by these data, whereas the separation between the corridor cantons and the two metropolitan cantons is.
The pre-specified rate ratios (Table 4) ranged from 4.5 (Yaguachi versus Quito) to 6.2 (Machachi versus
Guayaquil) under the corrected scenario, with lower interval limits above 3.9 in every case, and differed from the
authors' scenario by less than 0.3. The relative width of the Poisson interval exceeded 0.5 in 144 of the 207 can-
tons, so most of the ranking above Machachi rests on fewer than 120 events per canton.

Table 3: Fifteen highest SPPAT-recorded fatality rates under the corrected person-year scenario (2016-2021 events; INEC cantonal projec-
tions 2010-2020 with =, = 0.849).

Label (cantonal capital Province in the 2016 Person- Rate 95 % Poisson Relativ | Ran
or canton) source 2021 years D e width k
events

Loreto Orellana 113 141,539 79.8 65.8-96.0 0.38 1
Olmedo Loja 18 25,529 70.5 41.8-111.4 0.99 2
Patate Tungurahua 63 90,934 69.3 53.2-88.6 0.51 3
Pallatanga Chimborazo 44 71,729 61.3 44.6-82.3 0.62 4
Las Naves Bolivar 24 42,493 56.5 36.2-84.0 0.85 5
Machachi Pichincha 335 609,795 54.9 49.2-61.1 0.22 6
Naranjal Guayas 273 532,802 51.2 45.3-57.7 0.24 7
Balao Guayas 75 149,328 50.2 39.5-63.0 0.47 8
Yaguachi Guayas 218 443,270 49.2 42.9-56.2 0.27 9
Pedro Vicente Maldonado Pichincha 47 96,817 485 35.7-64.6 0.60 10
Puerto Quito Pichincha 63 142,392 44.2 34.0-56.6 0.51 11
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Santiago De Mendez Azuay 28 63,767 439 29.2-63.5 0.78 12
Colta Chimborazo 116 264,757 43.8 36.2-52.6 0.37 13
Balsas El Oro 22 51,976 423 26.5-64.1 0.89 14
Puebloviejo Los Rios 108 255,299 423 34.7-51.1 0.39 15

Table 4: Pre-specified rate ratios with log-normal 95 % intervals under the authors' scenario (A), the common-denominator scenario (C) and

the corrected person-year scenario (D).

Numerator canton Reference canton Rate ratio, scenario A Rate ratio, scenario C Rate ratio, scenario D
(95 %) (95 %) (95 %)
Machachi Quito 5.23 (4.66-5.88) 5.03 (4.47-5.65) 4.98 (4.43-5.60)
Machachi Guayaquil 6.48 (5.75-7.30) 6.60 (5.86-7.43) 6.18 (5.49-6.97)
Naranjal Quito 4.58 (4.03-5.20) 4.77 (4.20-5.42) 4.64 (4.09-5.28)
Naranjal Guayaquil 5.67 (4.98-6.45) 6.26 (5.50-7.13) 5.77 (5.07-6.57)
Yaguachi Quito 4.38 (3.80-5.04) 450 (3.91-5.18) 4.46 (3.87-5.13)
Yaguachi Guayaquil 5.42 (4.70-6.25) 5.90 (5.12-6.81) 5.54 (4.80-6.39)

3.4 Indeterminacy: distribution and the chi-square audit

Among cantons with at least 100 records (Figure 2), the indeterminacy share was highest in La Troncal
(6.25 %; 3.2-11.8; 3 sentinel, 5 empty), Guano (4.39 %; 1.9-9.9; 5 sentinel, 0 empty), Quevedo (4.38 %; 2.6—
7.3; 9 sentinel, 4 empty), Pasaje (3.60 %; 1.4-8.9; 4 sentinel, 0 empty), against 1.13 % in Quito and 1.07 % in
Guayaquil; the Wilson intervals of the leading cantons overlap the national value (1.52 %) except La Troncal,
Guano and Quevedo. By crash year the share peaked in 2018 (2.23 %, 70 records) and was lowest in 2016
(0.72 %). The original chi-square (3=(207) = 488.23, p = 9.0e-25) was reproduced, but 234 of its 416 expected
cells (56 %) are below five, so the asymptotic p-value is not reliable; a permutation test gave p = 0.001 (0 of
1,000 permutations reached the observed statistic), Cramér's V was 0.17, and after pooling cantons with fewer
than 100 records the association remained detectable (¥*(45) = 87.1, » = 1.7e-04) with ¥V = 0.07; by year,
¥ = 0.04. Territorial differences in indeterminacy are therefore real but small (Table 5); the earlier reading of a
"heavily clustered" registry debt overstated a weak effect, and no institutional mechanism (delayed police reports,
intake-system transitions) can be inferred from the file.
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Typology indeterminacy by canton (cantons with = 100 records)
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Figure 2: Share of records with indeterminate crash type (sentinel or empty) by canton, cantons with at least 100 records,
with Wilson 95 % intervals; ticks mark the sentinel-only share; dotted line, national share.

Table 5: Chi-square assumption audit for the association between territory or year and typology indeterminacy.

Test X df asymptoti | Cramér' expected cells <5 Monte-Carlo
cp sV p
Canton x indeterminacy (208 cantons) 488.23 207 9.0e-25 0.172 234 of 416 (56 %) <0.001
(permutation)
Canton x indeterminacy, cantons < 100 87.12 45 1.7e-04 0.073 37 0f 92 —
pooled
Crash year x indeterminacy 25.73 6 2.5e-04 0.039 1 —

3.5 Typology evidence coordinates and identification bounds

Nationally the coordinates of the run-over proposition were T = 0.302, = 0.013, F = 0.682, and of the
collision proposition T = 0.316,1 = 0013, F = 0.46%2; | is the same for every proposition because indeter-
minate records are indeterminate for all of them. The identification interval for the national run-over share is
[30.24, 31.76] %, against 30.71 % under complete-case analysis and 30.24 % with an explicit indeterminate cat-
egory. Among cantons with at least 300 records (Table 6, Figure 3), I, ranged from 0.008 to 0.023, so the identi-
fication intervals of run-over rates are narrow (Quito 4.4-4.5, Guayaquil 3.4-3.5, Santo Domingo 4.0-4.2, Lat-
acunga 14.6-15.2 per 100,000 per year) and, in every canton, narrower than the Poisson interval of either bound.
The two layers answer different questions: what the registry would show if indeterminate records were resolved
either way, and how much a Poisson count of that size could vary. For these data the semantic layer is small and
the sampling layer dominates.

Table 6: Evidence coordinates of the run-over proposition and identification bounds on run-over SPPAT-recorded rates (per 100,000 per year,
2016-2021 events, 2026 denominators) for cantons with at least 300 records.

Canton Recor Run- Indeter T | F Share bounds Rate bounds Outer Poisson
ds over minate (%) (R, Ryl limits
Quito 1,767 749 20 0.424 0.011 0.565 42.4-435 4.41-4.53 4.10-4.86
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Guayaquil 1,398 601 15 0.430 0.011 0.559 43.0-44.1 3.40-3.48 3.13-3.77
Santo Domingo 575 113 5 0.197 0.009 0.795 19.7-20.5 3.99-4.17 3.28-5.00
Latacunga 451 202 8 0.448 0.018 0.534 44.8-46.6 14.61-15.20 12.66-17.41
Ambato 408 188 8 0.461 0.020 0.520 46.1-48.0 8.21-8.57 7.07-9.87
Cuenca 365 135 3 0.370 0.008 0.622 37.0-37.8 3.53-3.62 2.95-4.28
Babahoyo 355 82 8 0.231 0.023 0.746 23.1-25.4 7.16-7.86 5.70-9.66
Machachi 337 105 6 0.312 0.018 0.671 31.2-32.9 16.22-17.16 13.26-20.68
Daule 320 85 6 0.266 0.019 0.716 26.6-28.4 5.77-6.18 4.61-7.59

Propagation of typology indeterminacy into rate bounds (cantons with = 300 records)

Machachi [ o]

Latacunga - =0

Ambato =0

Babahoyo =0

Daule 4 =0

Quito ©

Santo Domingo «©

Cuenca - ©

= dentification interval [R_L, R_U] {indeterminate records excluded / all assigned to run-over)

Guayaquil - © ) ‘
yaq outer Poisson 95 % limits of the two bounds (sampling layer)

T T T T T T T T
2.5 5.0 7.5 10.0 12.5 15.0 17.5 20.0
Pedestrian run-over (ATROPELLO) SPPAT-recorded fatalities per 100,000 per year, 2016-2021, 2026 denominators

Figure 3: Propagation of typology indeterminacy into run-over rate bounds: black segment, identification interval [R;, R];
grey band, outer exact Poisson 95 % limits of the two bounds (sampling layer). Cantons with at least 300 records.

3.6 Corridor classification

Corridor membership was checked against the published composition of the two trunk roads of the state net-
work. The Troncal de la Sierra (E35, 781 km, nine highland provinces) runs through Tulcan, Ibarra, Otavalo,
Cayambe, Quito, Sangolqui, Machachi, Latacunga, Salcedo, Ambato, Mocha, Riobamba, Cajabamba, Guamote,
Alausi, Chunchi, EI Tambo, Cafiar, Biblian, Azogues, Cuenca, Ofia, Saraguro, Loja, Catamayo, Catacocha and
Macara; the Troncal de la Costa (E25, 664 km, six provinces) through San Miguel de los Bancos, Santo Domin-
go, Buena Fe, Quevedo, Ventanas, Puebloviejo, Jujan, Milagro, Naranjal, Camilo Ponce Enriquez, El Guabo,
Machala, Santa Rosa, Arenillas, Alamor, Pindal and Zapotillo. Table 7 applies this list. Four of the six cantons
named as corridor cantons by the original analysis are on a trunk route (Machachi and Latacunga on the E35;
Naranjal and Quevedo on the E25); Yaguachi and Babahoyo are not on either published route, and Guano, which
the original analysis associated with the corridor reading, is not either, since the E35 passes through Riobamba.
Three cantons that are on the E25 (Puebloviejo, Buena Fe, EI Guabo) were not named as corridor cantons alt-
hough they rank high. The check is documentary: it compares canton names with a published route composition
and does not measure how many kilometres of trunk road each canton contains, which would require a geospa-
tial overlay of the network on the cantonal boundaries.

Table 7: Corridor classification of the cantons discussed in the original analysis.

Label Canton Trunk route Status in this study
Machachi Mejia E35 (Troncal de la Sierra) on the route; asserted and confirmed
Latacunga Latacunga E35 (Troncal de la Sierra) on the route; asserted and confirmed
Ambato Ambato E35 (Troncal de la Sierra) on the route; not asserted by the authors
Naranjal Naranjal E25 (Troncal de la Costa) on the route; asserted and confirmed
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Yaguachi Yaguachi not on the published route asserted but NOT on the published route of
of E35 or E25 either trunk road
Babahoyo Babahoyo not on the published route asserted but NOT on the published route of
of E35 or E25 either trunk road
Balao Balao not on the published route not on either trunk road; not asserted
of E35 or E25
Puebloviejo Puebloviejo E25 (Troncal de la Costa) on the route; not asserted by the authors
Quevedo Quevedo E25 (Troncal de la Costa) on the route; asserted and confirmed
Buena Fe Buena Fe E25 (Troncal de la Costa) on the route; not asserted by the authors
El Guabo El Guabo E25 (Troncal de la Costa) on the route; not asserted by the authors
Guano Guano not on the published route not on either trunk road; not asserted
of E35 or E25
Daule Daule not on the published route not on either trunk road; not asserted
of E35 or E25
Santo Domingo Santo Domingo De Los E25 (Troncal de la Costa) on the route; not asserted by the authors
Tsachilas
Quito Quito E35 (Troncal de la Sierra) on the route; not asserted by the authors
Guayaquil Guayaquil not on the published route not on either trunk road; not asserted
of E35 or E25
Cuenca Cuenca E35 (Troncal de la Sierra) on the route; not asserted by the authors
4 Discussion

4.1 Principal finding

The original result survives in its qualitative form and not in its quantitative one. Under the corrected person-
year calculation the three cantons the original analysis singled out still record SPPAT fatality rates 4.5 to 6.2
times those of Quito and Guayaquil, and the rate ratios are precise. But the period, the denominators and the set
of cantons ranked were all wrong: the period corresponded to no window of the file, five denominators were
rounded values, and the ranking was internal to seventeen chosen cantons. With every canton on contemporane-
ous person-years, Machachi is 6th of 207 and five cantons the original analysis never considered rank above it,
with overlapping intervals.

4.2 Denominators and periods

A multi-year registry annualised over a single At and a single population is a person-year calculation with
two shortcuts, and both are visible here: the shortcut on time produced a period that matched nothing in the data,
and the shortcut on population produced rounded denominators. The correction is not expensive: the INEC can-
tonal projections for 2010-2020 are public, and accumulating them over the covered years gives every canton an
exposure that no longer depends on a chosen constant. Two consequences deserve attention. The corrected rates
are close to the originals in level because the two errors have opposite signs, so a reader comparing only
Machachi's 56.45 and 54.94 would conclude that nothing was wrong; what changed is the ranking, and the rank-
ing is what the original analysis used. And the mapping needed to build the denominators is itself an audit: it
turned up two cantons filed under the wrong province in the source.

4.3 What the complete ranking changes

Ranking within a hand-picked set inflates the position of every member. The cantons that outrank Machachi
under the corrected scenario are Loreto (79.8), Patate (69.3), Colta (43.8), Pallatanga and Las Naves, none of
which appears in the original analysis and none of which lies on a trunk route; they have between 18 and 113
events and wide intervals. The honest statement is that a group of small highland and Amazon cantons and a
group of corridor cantons share the top of the distribution, that the corridor group is the one whose membership
is documented, and that the metropolitan cantons are far below both.

4.4 Indeterminacy is small and weakly territorial

With 251 indeterminate records in 16,526, typology indeterminacy is a 1.52 % phenomenon; its territorial
association is detectable by permutation but has a Cramér's V of 0.17, and the leading cantons' intervals mostly
overlap the national share. The first version's institutional narrative (delayed police reports, intake-system transi-
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tions) is not supported by anything in the file and has been removed; what remains is a description and a pointer
to the cantons and the year where the share is highest.

4.5 Proposition-based coordinates versus the earlier triple

The earlier triple assigned T = completeness, I = 1 — T and F = 0to each field. That is one humber with
three names, and it fails the elementary test that a coordinate should be able to take a value other than the one
implied by the others. The proposition-based coordinates of Section 2.5 pass it: for the run-over proposition in a
canton, T, | and F are three observed shares, F is large (most records assert another type), and the sum to one is a
statement about the partition of records, not about the coordinates' independence. Normalisation can change rank
orders of triples [21], and the paper therefore ranks cantons by the identification bounds, not by any composite of
T,land F.

4.6 Two layers of uncertainty

Identification bounds and Poisson intervals answer different questions and were kept apart. The bounds are
lower and upper probabilities induced by the multivalued assignment of indeterminate records [16] and are exact
given the data; the Poisson intervals are sampling statements under a model. For these data the identification lay-
er is an order of magnitude narrower than the sampling layer, which is itself a result: resolving every
DESCONOCIDO would change typology rates by less than the count noise. A combination rule (for instance,
Poisson intervals around each bound, reported as an outer envelope) is shown in Figure 3 as a display, not as a
combined inference.

4.7 Relation to NPL and neutrosophic statistics

The coordinates borrow from NPL the separation of favourable, contrary and indeterminate evidence [18]
and from neutrosophic set theory the idea that the three components are separately meaningful [19]; they do not
use NPL's synthesis procedure, and | is evidential (a record that does not assert its type), not ontological. Neutro-
sophic statistics [17] treats data with an indeterminate part; the identification bounds of Eq. (6) are the classical
counterpart of that treatment for a proportion, and they are what a neutrosophic interval rate would reduce to un-
der the stated assignment rule.

4.8 Evidence-aware use of the dashboard

The dashboard supports descriptive review of SPPAT-recorded fatalities by province, canton, year and road-
user condition, and monitoring of typology indeterminacy. It does not measure road risk, does not identify corri-
dors, and does not support enforcement allocation, for which exposure (vehicle-kilometres, traffic flows), police
records and a comparison design would be required. The original wording on guiding corridor enforcement is
withdrawn.

4.9 Limitations

Rates use resident population, not exposure: person-years measure residence, not vehicle-kilometres trav-
elled, and a canton crossed by a trunk road accumulates deaths of non-residents. The registry covers claims filed
with the SPPAT and is bounded relative to police and vital records; coverage may vary by territory. The 2021
population is a linear extrapolation of the 2019-2020 increment, and the 20102020 series is itself a projection
from the 2010 census. Corridor membership was checked documentarily against a published route composition,
not geospatially, and no measure of trunk-road length per canton was computed. The typology coordinates con-
cern one field; other fields have no indeterminacy in this file. Indeterminate records were assigned to the two ex-
tremes for the bounds; no informative assumption about their true type was made.

4.10 Future research

Trunk-road kilometres per canton and traffic flows would turn the corridor reading into an exposure model;
linkage with ANT on-site records and INEC death certificates would bound under-registration; and the identifi-
cation bounds could be narrowed with informative assumptions (for instance, the typology distribution of inde-
terminate records equal to that of the same canton's known records), reported as a separate scenario. On the neu-
trosophic side, the proposition-based coordinates can be extended to multi-source evidence when a second regis-
try is linked, at which point favourable and contrary evidence from different sources would no longer partition
the records and the sum-to-one design would be dropped.

5 Conclusions
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Empirically, SPPAT-recorded fatality rates in corridor cantons are 4.5 to 6.2 times those of the two metro-
politan cantons once exposure is measured in contemporaneous person-years, the top of the complete ranking is
shared with small highland and Amazon cantons whose intervals overlap and which lie on no trunk road, and ty-
pology indeterminacy is small (1.52 %) and only weakly territorial. Methodologically, the earlier normalised
field triple was replaced by proposition-based evidence coordinates whose contrary component is observed, and
indeterminacy was propagated into identification bounds kept separate from Poisson sampling intervals; for
these data the semantic layer is far narrower than the sampling layer. Rates from an administrative registry
should be reported with their exposure assumption, their denominator source, their complete ranking and their
two uncertainty layers, and they should be called what they are: recorded rates, not mortality or risk.
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Appendix A. Dashboard screenshots
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Figure Al: Institutional decision panel of the dashboard (macro indicators and cantonal ranking).
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Figure A2: Geospatial module of the dashboard (territorial distribution of SPPAT records).

References

(1]
(2]
(3]
(4]
(5]

(6]

[7]

(8]
(9]
[10]
[11]
[12]

[13]

[14]

[15]

[16]

World Health Organization. Global Status Report on Road Safety 2023; WHO: Geneva, Switzerland, 2023; ISBN 978-
92-4-008651-7.

Pan American Health Organization. Status of Road Safety in the Region of the Americas; PAHO: Washington, DC,
USA, 2019; ISBN 978-92-75-12085-9.

Instituto Nacional de Estadistica y Censos (INEC). Estadisticas de Transporte (ESTRA): Anuario de Siniestralidad Vial
2021. Available online: https://www.ecuadorencifras.gob.ec/transporte/ (accessed on 22 August 2026).

Agencia Nacional de Transito (ANT). Compendio Estadistico de Siniestralidad Vial en el Ecuador 2016-2021. Availa-
ble online: https://www.ant.gob.ec/ (accessed on 22 August 2026).

Cordovez, S.; Ortiz-Prado, E.; Vinueza-Moreano, P.A.; Rodriguez-Monroy, F. Bicycling-related mortality in Ecuador: a
nationwide  population-based analysis from 2004 to 2017. Sustainability 2021, 13(11), 5906.
https://doi.org/10.3390/su13115906

Ortiz-Prado, E.; Izquierdo-Condoy, J.S.; Fernandez-Naranjo, R.; Vasconez-Gonzalez, J.; Simbafa-Rivera, K.; Delgado-
Moreira, G.; Coronel-Viteri, P. The influence of fatalistic beliefs and risk perceptions on road safety attitudes in Latin
America: a two-country study. Transportation Research Part F: Traffic Psychology and Behaviour 2022, 90, 84-99.
https://doi.org/10.1016/j.trf.2022.08.003

Savolainen, P.T.; Mannering, F.L.; Lord, D.; Quddus, M.A. The statistical analysis of highway crash-injury severities: a
review and assessment of methodological alternatives. Accident Analysis & Prevention 2011, 43(5), 1666—1676.
https://doi.org/10.1016/j.aap.2011.02.025

Mannering, F.L.; Bhat, C.R. Analytic methods in accident research: methodological frontier and future directions. Ana-
lytic Methods in Accident Research 2014, 1, 1-22. https://doi.org/10.1016/j.amar.2013.09.001

Watson, A.; Watson, B.; Vallmuur, K. Estimating under-reporting of road crash injuries to police using multiple linked
data collections. Accident Analysis & Prevention 2015, 83, 18-25. https://doi.org/10.1016/j.aap.2015.06.011
Pina-Sanchez, J.; Buil-Gil, D.; Brunton-Smith, I.; Cernat, A. The impact of measurement error in regression models us-
ing police recorded crime rates. Journal of Quantitative Criminology 2023, 39(4), 975-1002.
https://doi.org/10.1007/s10940-022-09557-6

Codd, E.F. Missing information (applicable and inapplicable) in relational databases. ACM SIGMOD Record 1986,
15(4), 53-78. https://doi.org/10.1145/16301.16303

Rubin, D.B. Inference and missing data. Biometrika 1976, 63(3), 581-592. https://doi.org/10.1093/biomet/63.3.581
Mitra, R.; McGough, S.F.; Chakraborti, T.; Holmes, C.; Copping, R.; Hagenbuch, N.; Biedermann, S.; Noonan, J.;
Lehmann, B.; Shenvi, A,; et al. Learning from data with structured missingness. Nature Machine Intelligence 2023, 5(1),
13-23. https://doi.org/10.1038/542256-022-00596-z

Manski, C.F. Partial Identification of Probability Distributions; Springer: New York, NY, USA, 2003.
https://doi.org/10.1007/b97478

Horowitz, J.L.; Manski, C.F. Nonparametric analysis of randomized experiments with missing covariate and outcome
data. Journal of the American Statistical Association 2000, 95(449), 77-84.
https://doi.org/10.1080/01621459.2000.10473908

Dempster, A.P. Upper and lower probabilities induced by a multivalued mapping. Annals of Mathematical Statistics
1967, 38(2), 325-339. https://doi.org/10.1214/aoms/1177698950

Esta obra esté bajo una licencia: https://creativecommons.org/licenses/by/4.0/



https://creativecommons.org/licenses/by/4.0/

Neutrosophic Computing and Machine Learning , Vol. 45, 2026 50

[17] Smarandache, F. Introduction to Neutrosophic Statistics; Sitech & Education Publishing: Craiova, Romania, 2014.
arXiv:1406.2000. https://arxiv.org/abs/1406.2000

[18] Leyva-Vazquez, M.; Smarandache, F. Neutrosophic Paraconsistent Logic: evidence degrees, ontological indeterminacy,
and scientific evidence synthesis. Neutrosophic Computing and Machine Learning 2026, 43, 211-221.
https://doi.org/10.5281/zen0do.20150483

[19] Smarandache, F. Degree of dependence and independence of the (sub)components of fuzzy set and neutrosophic set.
Neutrosophic Sets and Systems 2016, 11, 95-97. https://doi.org/10.5281/zenodo.571359

[20] Belnap, N.D. A useful four-valued logic. In Modern Uses of Multiple-Valued Logic; Dunn, J.M., Epstein, G., Eds.; D.
Reidel: Dordrecht, 1977; pp. 5-37. https://doi.org/10.1007/978-94-010-1161-7_2

[21] Smarandache, F. The rank order of the neutrosophic triplets (T, I, F) may change after normalization. International
Journal of Research in Industrial Engineering 2024, 13(4), 427—-435. https://doi.org/10.22105/riej.2024.487239.1489

[22] Servicio Pablico para Pago de Accidentes de Trénsito (SPPAT). Victimas fallecidas por accidentes de transito registra-
das por el SPPAT, 2016-2021 (DD-SPPAT-FA-01-2021-V01); Datos Abiertos Ecuador, 2021, licence CC-BY-4.0.
Available online:  https://www.datosabiertos.gob.ec/dataset/fallecidos-por-accidentes-de-transito-registradas-por-el-
sppat (accessed on 3 September 2026).

[23] Garwood, F. Fiducial limits for the Poisson distribution. Biometrika 1936, 28(3-4), 437-442.
https://doi.org/10.1093/biomet/28.3-4.437

[24] Ulm, K. A simple method to calculate the confidence interval of a standardized mortality ratio (SMR). American Jour-
nal of Epidemiology 1990, 131(2), 373-375. https://doi.org/10.1093/oxfordjournals.aje.a115507

[25] Goldstein, H.; Spiegelhalter, D.J. League tables and their limitations: statistical issues in comparisons of institutional
performance. Journal of the Royal Statistical Society: Series A 1996, 159(3), 385-443. https://doi.org/10.2307/2983325

[26] Clayton, D.; Kaldor, J. Empirical Bayes estimates of age-standardized relative risks for use in disease mapping. Biome-
trics 1987, 43(3), 671-681. https://doi.org/10.2307/2532003

[27] Instituto Nacional de Estadistica y Censos (INEC). Estimaciones y Proyecciones de la Poblacion del Ecuador, Revision
2024 (base censo 2022); INEC: Quito, Ecuador, 2024. Available online:
https://www.ecuadorencifras.gob.ec/proyecciones-poblacionales/ (accessed on 30 August 2026).

Esta obra esté bajo una licencia: https://creativecommons.org/licenses/by/4.0/

BY



https://creativecommons.org/licenses/by/4.0/

